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Abstract – Time Stamp is an important magnitude for
document relevance for a large number of searches, such as
over blogs and news archives. Research on searching over
such collections has largely focused on locating topically
similar documents for a query. Unfortunately, topic
similarity alone is not always sufficient for document
ranking. In this paper we presented an efficient method for
processing time-sensitive queries over a news archive, with
techniques for identifying important time periods for a
query. This work demonstrates the integrating time in the
retrieval task can improve the quality of the retrieval results,
and motivates further research in the area. Currently, we
rely on the publication time of the documents to locate time
periods of interest. However, a document published at a later
date (e.g., a review article, summarizing an event) may also
be relevant. In this paper the research direction is to
introduce time-based diversity in query results by grouping
the results into clusters of relevant time ranges, enabling
users to be aware of and interact with time information when
examining the query results.
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I. INTRODUCTION

A large number of searches, such as over blogs and
news archives are based on a traditional approach called as
topic relevance or keyword-based search. So far, research
on searching over large collections has purely focused on
retrieving topically similar documents for a query. In this
approach we build scoring techniques that seamlessly
integrate the temporal aspect into the overall ranking
mechanism. For time- sensitive queries [10] it is important
to examine the freshness and topic relevance and also we
need to include several techniques for detecting the time
intervals for a query and incorporate this information in
the retrieval process. Unfortunately, ignoring or not fully
exploiting the time magnitude can be detrimental for a
large family of queries for which we should consider not
only the document topical relevance but also the date of
publication. A Time-sensitive query over news archives or
blogs, our approach automatically identifies important
time intervals for the query. These intervals are then used
to adjust the document relevance scores by boosting the
scores of documents published within the important
intervals. We show that our techniques are robust and
significantly improve result quality for time-sensitive
queries when compared to state-of-the-art retrieval
techniques [1].

II. EXISTING SYSTEM

The existing system presented a method for processing
time-sensitive queries over a news archive, along with
techniques for identifying important time periods for a
query. These techniques are improving the quality of
search results, compared to the existing state-of-the-art
algorithms [1]. Apart from asking for explicit user input,
earlier work by Li and Croft focused on handling recency
queries, which are queries that are after recent events or
breaking news. Li and Croft’s [4] time sensitive approach
processes a recency query by computing traditional topic
similarity scores for each document, and then boosts the
scores of the most recent documents, to privilege recent
articles over older ones. The traditional models [8][9]
which assume a uniform prior probability of relevance p
(d) for each document d for large collection.

Li and Croft define the prior p (d) to be a function of
document d’s creation date. The prior probability p (d)
decreases exponentially with time, and hence recent
documents are ranked higher than older documents. Li and
Croft’s strategy is designed for queries that are after recent
documents, but it does not handle other types of time-
sensitive queries, such as [Madrid bombing], [Google
IPO], or even [Sarkozy French elections] (in May 2008),
[10] that implicitly target one or more past time periods.
So using these techniques we can get the best search result
for time sensitive queries and this method is used to
reduce time period to search the related documents for
query. The main disadvantages of the existing system is
that the direct dependency on the relevance scores for
estimating the p (t|q) values is somewhat problematic,
because these scores were designed for a different purpose
namely document ranking and topic relevance.

III. PROPOSED SYSTEM

Our proposed system demonstrates the grouping of
results into clusters of relevant time ranges. This enables
user to be aware of interact time information when
examining the query results. So the proposed system
explains every document contains publishing date when
the document is uploaded. We identify those documents
basing on query and in that document we can group into
clusters of relevant time ranges so that clustering of
relevant time range documents the user to be aware of and
interact time information when examining the query result.

In this paper, we stated that, for an important class of
queries what we call as time- sensitive queries topic
similarity and relevance ranking is not sufficient [5]. For
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such type of queries, publication time of the documents is
important and should be considered in conjunction with
the topic similarity to derive the final document ranking.
Most recent methods for searching over large archives of
timed documents incorporate time relatively.

Fig.1. Architecture

Users when submit a keyword or query, restrict the
results to articles written or alternatively sort the results on
the publication date of the articles. The researchers do not
always know the appropriate time intervals for their
queries, and placing the burden on the users to explicitly
handle time during querying is not desirable. In the
proposed method the data samples is a kind of database
that contains all kind of documents along with the
publishing time. When user submits the search option we
extract the relevant documents and an algorithm is
employed to divide the extracted documents into several
clusters. These clusters are validated according to the
freshness and the result is interpreted.

We propose an efficient search implementation with
respect to frequency manipulations and time stamp for
efficient results for user specified query. We integrated
traditional relevance score method [7] and time stamp
approach. In this approach data owner out sources the data
in the server, before storing data in the server. Data owner
has a collection of data samples that he wants to outsource
on the server where several important features are selected
and extracted. The extracted data is given to any one of the
clustering algorithm wherein we use partition around
medoids (k-medoid) algorithm. The clustering algorithm
clusters the data set according to publication date. Hence,
when a query is submitted the query is processed
according to the time intervals formed by the clustering
and the result is interpreted.

IV. RELATED WORK

Primarily the process of clustering is used to classify the
objects from the data samples. Clustering is a useful tool
in many areas. In this approach the process of clustering
has been done by using k-medoids clustering algorithm.

The most common realization of k-medoid clustering is
the Partitioning around Medoids (PAM) algorithm. The
PAM method first computes representative objects called
as medoids. A medoid can be defined as an object of
cluster whose average dissimilarity to the other objects in
the cluster is minimal. After finding the set of medoids the
other objects are put into and is as follows: [6]
1. Initialize: randomly select k of the n data points as the

medoids.
2. Associate each data point to the closest medoid.

("closest" here is defined using any valid distance
metric, most commonly Manhattan Distance)

3. For each medoid m
a. For each non-medoid data point o
b. Swap m and o and compute the total cost of the

configuration
4. Select the configuration with lowest cost.
5. Repeat steps 2 to 4 until there is no change in the

medoid.

Let us consider a data samples with date of publication
and year.

Table 1.1
Date of Publication Year

12-Jun 2009
15-Jul 2012
20-Dec 2010
22-Jan 2013
29-Oct 2011
10-Feb 2008
04-May 2011
30-June 2007
12-Mar 2013

User must select the centroids from the collection of
data samples to calculate and find the optimum cost and
distance for the relevant documents.
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Cluster the data set of objects into two clusters i.e. k = 2.
Let us assume c1 = (4 may, 2011) and
c2 = (12 Jun, 2009)

We have selected c1 and c2 as centroids. The Distance
is calculated so as to associate each data object to its
nearest medoid. The Cost is calculated using Manhattan
distance

Table 1.2: For Cluster1

i c1 Data objects (xi) cost(dist)
1 4 may, 2011 12-Jun, 2009 3
2 4 may, 2011 15-Jul, 2012 2
3 4 may, 2011 20-Dec, 2010 6
4 4 may, 2011 22-Jan, 2013 4
5 4 may, 2011 29-Oct, 2011 4
6 4 may, 2011 10-Feb, 2008 5
7 4 may, 2011 30-June, 2007 7
8 4 may, 2011 12-Mar, 2013 3

Table 1.3: For Cluster2

i c1 Data objects (xi) cost(dist)
1 12 jun, 2009 15-Jul, 2012 5
2 12 jun, 2009 20-Dec, 2010 4
3 12 jun, 2009 22-Jan, 2013 6
4 12 jun, 2009 29-Oct, 2011 4
5 12 jun, 2009 10-Feb, 2008 3
6 12 jun, 2009 04-May, 2011 3
7 12 jun, 2009 30-June, 2007 3
8 12 jun, 2009 12-mar, 2013 6

Then the clusters become:
Cluster1 = (centroid of first cluster (c1), publishing time of
other documents w.r.t cost (i)) w.r.t table 1.2
Cluster1 = {(c1, 2), (c1, 4), (c1, 8}

{2, 4, 3}

Cluster2 = (centroid of first cluster (c2), publishing time of
other documents w.r.t cost (i)) w.r.t table 1.3
Cluster2 = {(c2, 2), (c2, 4), (c2, 5), (c2, 7}

{3, 3, 4, 4}
Total cost = (2+4+3) + (3+3+4+4)

= 23
If we try for other non medoids we can find that our first

choice is the best. In some standard situations, k-medoids
demonstrate better performance than k-means. The most
time-consuming part of the k-medoids algorithm is the
calculation of the distances between objects. If a quadratic
pre-processing and storage is applicable, the distances
matrix can be pre computed to achieve consequent speed-
up. The authors may also introduce a heuristic approach to
choose initial k medoids [2].

A comparative study of k-means and k-medoids
algorithms was performed for normal and for uniform
distributions of data points [3]. It was demonstrated that in
the asymptotic of large data sets the k-medoids algorithm
takes less time.

V. IMPLEMENTATION

When a user enters the query, initially it is forwarded to
the server. Server contains large collection of documents
along with the publishing time. It is necessary to upload
the documents along with the date of publication. The data
is retrieved according to the document relevance. The
document relevance can be calculated by finding total no.
of words in the document multiplied by no. of matched
words that gives document relevance. After calculating the
document relevance this approach calculates the distance
for each medoid at every iterative step. There after it is
optimized to retrieve time stamp and is added to the
retrieved clusters using k-medoid algorithm. We have used
some datasets for time being which then shows the
summarized results. The proposed method significantly
shows the documents according to recency i.e., time-stamp
with comparable performance against other methods of
web search. The main advantage in selecting k-medoid
method is that it generates the clusters with almost
approximately uniform radius [11]
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Consider an example for a small database containing
few data samples along with publishing time. For keyword
software testing methods following are the scores for
traditional and proposed approach.

Traditional
approach

Proposed
approach

No. of documents
searched

4 6

Document
relevance Score

0.96 1.15

VI. CONCLUSION

We presented an efficient search implementation with
topic frequency approach and time stamp approach.
Initially for user query it finds the file relevance score in
terms of frequency, number of distinct files and index
terms, along with this in form of the graphation we
consider time stamp of the document, and this approach
gives efficient results than the traditional frequency based
approach.
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